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A Conijecture for AGI;
symbol learning = graph partitioning
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Symbol learning

Recentmathematicaladvanceslaim
I evenfor extremegraphs
I symbollearningshouldbe possiblein polynomialtime

AGI éven) for extremegraphs

| Symbol learning C separationof structureand noise
I Separatiorof structureandnoisein extremegraphs
A Terrencelao
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